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How to optimize the effect of high-tech industry specialized
agglomeration on innovation efficiency?

Analysis based on wage incentive effect
XIE Zhen BU Wei

( School of Economics and Management Beijing Jiaotong University Beijing 100044 China)

Abstract: From the perspective of labors”wage incentives this paper aims at optimizing the impact of high-tech industry
specialized agglomeration on innovation efficiency. Combining the current theory of industrial agglomeration and
comprehensive incentives a theoretical framework has been constructed among specialized agglomeration labor price
distortion and innovation efficiency. Based on the panel data from 2003 to 2016 in 30 regions of China mediating effect
models are constructed from both high-tech industries” overall and subdivided levels and the system GMM method is used for
regression analysis. The results show that: (1) There is an inverted U-shaped relationship between high-tech industry
innovation efficiency and specialized agglomeration; (2) There is a negative wage incentive effect in the specialized
agglomeration of high-tech industries that is the industrial agglomeration has a negative impact on innovation efficiency by
increasing the degree of labor price distortion; (3) If appropriate measures are taken to eliminate the adverse effects of the
wage incentive effect the impact of specialized agglomeration on innovation efficiency will be optimized; (4) For high-tech
subdivided industries with a low proportion of state-owned property rights the wage incentive effect generated by specialized
agglomeration is more prominent. Based on the above results this paper puts forward some measures and suggestions on how
to further improve the innovation efficiency of high-tech industries such as reasonably control the scale of specialized
agglomeration of high-tech industries actively promote the transformation and upgrading of traditional industrial agglomeration
models as well as adopt differentiated development strategies for different high-tech subdivided industries.

Key words: high-tech industry; specialized agglomeration; innovation efficiency; wage incentive effect; labor price

distortion; mediation effect model; system GMM method



