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Does Price Discovery Vary during M arket O pening and Closing Periods?

Evidence from Stock Indexes Futures and Spot M arket in China

NIE Siyue MA Wenxia
( School of Economics and Management Shanxi University Taiyuan 030006 China)

Abstract: This paper uses latest PDS indicators and the classic IS CS indicators combined with VECM analysis toinves—

tigate price discovery characteristics of CSI 300 SSE 50 and CSI 500 indexes. The time—varying and interactional characteris—

tics of price discovery of different financial indexes are analyzed by using 5-minute highHrequency data inCSI 300 SSE 50 and

CSI 500 indexes. Results show that there are stable long-term co-integration relationship between spot and futures of the three fi—

nancial indexes. The price discovery is characterized by time-varying characteristics. And it has also found that the CSI 300

has a similar trend with the SSE 50 during the opening and closing periods while the trend of CSI 500 is almost reversed. The

reason for the differentiation is that the SSE 50 index is on behalf of the broader market blue—chip and the futures is as the

dominant force in the price discovery. But during the key nodes of theopening and closing periods of market the need for spot

deviation correcting is obvious. SSE 50 spot comprisesthe important weight of CSI 300 index and then leads to a significant im—

pact on CSI 300 spot index.

Key words: price discovery; opening and closing periodsof market; time-varying analysis



