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Multifractal Analysis of China’s Carbon Market

Energy Stock Market and Crude Oil Market

WANG Hongyong FENG Youshuai
( School of Applied Mathematics Nanjing University of Finance and Economics Nanjing 210023 China)

Abstract: With establishment and development of China’s carbon emission market fluctuation characteristics of the carbon
market and its relationship with other financial markets have attracted extensive attention. Taking return series of Shenzhen car—
bon emission market CSI 300 energy index and Daqing crude oil market as sample data this paper uses multifractal analysis
method to study the dynamic features the risk of market and dynamic cross-correlations of volatility of China’s carbon emission
market energy stock market and crude oil market. The empirical study shows that the volatility of three markets has significant
multifractal characteristics and the multifractal strength of the carbon market is greater than those of the energy stock market
and the crude oil market which means that the risk of the carbon market is greater than those of the latter two markets. In addi-
tion it is confirmed that cross—correlations among the three markets present different multifractal characteristics in different time
scales. The study also finds that the correlation between the energy stock market and the crude oil market is the strongest
while the correlation between the carbon market and the other two markets is weak.

Key words: carbon emission market; energy stock market; crude oil market; cross—correlation; multifractal analysis



