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Can Fund M anagers Beat M arket? Evidence from Double Bootstrap

LIAO Changyou' LI Yumin® LIU Xingyi’
(1. School of Management Xihua University Chengdu 610039 China;
2. School of International Economics and Management Xihua University Chengdu 610039 China;
3. School of Software and Microelectronics Peking University Beijing 102600 China )

Abstract: In the evaluation of fund managers investment ability bootstrap can effectively control the influence of luck
factor on fund performance so it has been widely used. Bootstrap has different sampling methods. Based on the double
bootstrap method this paper calculates two types of errors of different sampling methods in hypothesis testing and determines a
more reliable sampling method. On this basis the paper test whether domestic market fund managers can beat the market. It
has been found that it is more reliable to simultaneously bootstrap sampling the series of regression residuals for all funds by
time without joint bootstrap sampling of factor returns. The paper further finds out that during 2011—2015 fund managers did
not obtain excess returns that exceeded the market benchmark and there is no evidence that fund managers beat the market.
While during 2016 to 2020 fund managers as a whole achieved significant excess returns and fund managers beat the market.

Key words: fund manager; double bootstrap sampling method; market efficiency; investment ability



